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Abstract

This paper estimates the causal effect of property tax liability on housing prices using georefer-
enced transaction and cadastral data from Santiago, Chile. Using a sharp regression discontinu-
ity design (RDD) at the exemption threshold, we document a novel “tax premium”: becoming
liable for property tax raises average housing prices by approximately 4 percent. We hypothesize
that tax liability acts as a third-party certification that reduces information asymmetry, thereby
overcoming the negative capitalization of tax costs. We evaluate this mechanism using three
complementary tests. First, we systematically rule out alternative structural channels such as
increased local public spending and social sorting. Second, we find no evidence that being li-
able to pay property taxes serves as a status signal or a coordination device for social sorting.
Third, we show that the positive effect is driven by the extensive margin (being liable to taxes).
By contrast, when we estimate the impact at the intensive margin using tax-rate changes at a
higher threshold, we find the standard negative capitalization effect. Finally, by categorizing
transactions by the magnitude of informational opacity derived from a hedonic price model,
we find that the tax premium is negligible in transparent segments and is large and significant
for properties with high informational friction. These findings suggest that in developing mar-
kets with informational gaps, fiscal tools can inadvertently serve as market signals, reversing

standard incidence predictions.
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1 Introduction

Housing affordability has become a pressing policy concern as rapid house-price inflation intensifies
financial strain on households and widens inequalities in access to homeownership. For example,
Chile’s real prices have more than doubled in the past decade. Against this backdrop, recurrent
property taxation emerges as a critical lever: it not only shapes user costs and, therefore, housing
market dynamics, but also supplies a substantial share of local revenues—averaging 19 percent of
municipal resources across the OECD (OECD, 2022), 27 percent of state-and-local tax receipts in
the United States (Yushkov, 2025), and 61 percent of municipal income in Chile. Understanding
how property taxes interact with housing prices is thus essential for designing policies to finance
local public goods that distort the housing market as little as possible and decrease distributional

imbalances.

This paper explores the causal relationship between property tax liability and residential housing
prices. Drawing on the universe of transactions in Santiago between 2014 and 2017, we link each
sale to georeferenced cadastral records containing floor area, construction date, cadastral value,

and tax liability, resulting in 229,379 linked sales.

Our empirical strategy employs a sharp (RDD) that leverages a unique feature of the central
government’s tax exemption rule. Every four years, the Internal Revenue Service (Servicio de Im-
puestos Internos, SIT) massively reassesses the cadastral value of all properties in the country based
on the neighborhood housing market appreciation, urbanization projects, and available infrastruc-
ture. Critically, the exempt threshold is adjusted proportionally to the national average change in
residential property valuations and applies nationwide. Because reassessments differ across prop-
erties while the threshold shift applies to all, otherwise comparable dwellings fall just above or
below the new cutoff, providing quasi-random variation in tax liability. Importantly, our identifi-
cation does not rely on time-series variation. Instead, we focus on a single reassessment period and

implement a cross-sectional RDD strategy within a four-year window.

Contrary to the predictions of standard capitalization theory, we find that becoming liable to
property tax increases housing prices by approximately 4%. This counterintuitive “tax premium”
challenges the conventional view that taxes act solely as a financial burden. We hypothesize that
in markets with significant information asymmetry, the status of being subject to a positive tax
liability serves as a credible signal of neighborhood market appreciation—effectively a government-

backed “certification” of valuation—that outweighs the direct financial cost of the tax.

We employ a threefold strategy to support our hypothesis. First, we systematically rule out
alternative structural channels. We show that the price premium is not driven by local public

spending (by exploiting variation within districts sharing the same amenities) nor by social sorting



(by showing the effect persists even in high-taxpayer density areas).

Second, we estimate the impact on prices along the intensive margin of tax liability. For
properties liable to taxes, there is a second threshold where rates increase. Using a regression kink
design (RKD) at this second threshold, we find the standard capitalization effect: higher taxes
depress prices. This crucial finding reconciles our results with standard theory. It demonstrates
that while the financial cost of taxation does exert downward pressure on prices, it is completely

overcome by the positive signaling value at the point of entry into the tax system.

Finally, we examine the heterogeneity of the impact of tax liability on prices with respect
to informational frictions. Using residuals from a saturated hedonic price model as a proxy for
valuation difficulty, we find striking heterogeneity: the tax premium is statistically negligible for
properties with high transparency and rises substantially for properties with noiser information.

This result backs that the tax signal is most valuable precisely when buyers face the highest opacity.

Our paper contributes to the literature on policies to reduce frictions in housing markets. Search
costs and information frictions have been shown to adversely impact the mobility of lower-income
households in the US (Bergman et al., 2024). Tandel et al. (2025) shows that a mandatory disclosure
of the litigation status of housing projects in India led to a 4%-6% decline in the average price per
square foot of litigated units relative to non-litigated units. By examining the interplay between
property taxes, housing prices and market signals, we provide new insights into how information

frictions shape housing prices.

We also add to the literature on property tax capitalization. Oates (1969) established the
traditional view, arguing that higher property taxes decrease property values. Empirical studies
have built on this framework, drawing on extensive evidence from developed economies to examine
the magnitude of the price drop that accompanies property taxes. For instance, Oliviero and
Scognamiglio (2019) found a decrease in prices following an increase in property tax rates in Italy.
In contrast, @kland (2020) found no effects on prices in Norway, arguing that improved public
services offset tax increases. Similarly, Elinder and Persson (2017) detected no significant price
effects in Sweden. Spatial econometric studies further indicate a decrease in prices, but that it is
lower than the increase in ownership costs (Giertz et al., 2021; Livy, 2018). We provide causal
evidence that the signaling information channel substantially increases property prices, more than

offsetting a potential negative effect due to capitalization.

We also add to the literature on inattention in the housing markets. Bradley (2017) provides
evidence that homebuyers may not behave in a well-informed manner and that responses to property
taxation are susceptible to inattention. Other studies confirm that informed and uninformed buyers
behave differently (Li and Chau, 2024; Thlanfeldt and Mayock, 2012), with non-local buyers often

paying premiums due to information disadvantages. Developers usually rely on quality guarantees
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and branding to mitigate asymmetric information (Kurlat and Stroebel, 2015). Our study adds to
the literature by showing that buyers pay relatively more attention to a simple, salient tax-status
signal than to more complex underlying information.

The remainder of the paper is structured as follows. Section 2 describes the institutional features
of the Chilean property tax system. Section 3 details the data and outlines the empirical strategy.
Section 4 presents the main ndings, robustness checks, and further estimations. Section 5 reviews
and disentangles the main channels identi ed in the literature, followed by Section 6, which conducts
a heterogeneity analysis related to asymmetric information. Finally, Section 7 concludes with policy
implications and directions for future research.

2 Background: Property tax in Chile

Our analysis focuses on the \Regon Metropolitana de Chile" region, where Santiago is located.
It has over 7.4 million inhabitants and 2.7 million dwellings according to the 2024 census. Our
study period is 2014- 2017, and we look exclusively at non-agricultural properties. Th€ontribu-
ciones de Bienes Races or Impuesto Territorial , referred to hereafter as theproperty tax, is a levy
on individuals' wealth held in the form of real estate ownership. The tax distinguishes between
agricultural property and non-agricultural property, the latter further divided into residential and
non-residential uses (Henrquez, 2014).

To determine the tax, each residential propertyi is categorized into three groups based on its
cadastral value Cj;, assessed at timd.

" The rst group is fully exempt and includes properties with assessed values below the
exemption threshold Ey, i.e., Ciy  E;.

" The second group pays property taxes on the portion of the value above the exemption
threshold, C;; E¢, at a rate 1, as long asCj B¢. This group also pays a municipal
sanitation tax (Fs) that is independent of the cadastral value.

~ The third group , with values above the second thresholB;, pays a higher rate , on the
portion above B¢, and the lower rate {1 on the portion between E; and B;. This group also
pays the feeFs

Formally, the property tax for each property Tj is de ned as:
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Tt = 3 (Ct Et) u+tkFs if Er<Cit By
" (Bt Et) wut(Ct Bt) w2t Fs ifCy¢>By:

This formulation ensures continuity in the tax schedule and avoids a discrete jump in the tax
amount when the cadastral value crosses the second threshok;.

The cadastral value is updated every four years by the Internal Revenue ServiceSgrvicio de
Impuestos Internos Sl hereafter) through a mass reassessment procesgedvalio ) that incorporates
two criteria: neighborhood and building valuation. For neighborhood valuation, the SlI considers
factors such as city development, market demand, transaction prices, urbanization projects, and
available infrastructure. The building valuation is based on building type, quality, age, technical
speci cations, and construction costs (SIl, 2022)!

We exploit a massive reassessment and a change in threshold values in 2014, as summarized in
Table 1. Cadastral values and property prices are measured iBUF. The Unidad de Fomento (UF)
is a unit of account in Chile that is adjusted for in ation and, by the end of our study period, was
equivalent to $ US 44.

Table 1: Rates and brackets of the property Tax

2006-2013 2014-2017

. Tax rate 1.00% 0.98%
First bracket
Exempt threshold value (E+) 14,656 20,086
0 0
Second bracket Tax rate 1.20% 1.143%
Threshold value (B:) 52,342 71,736

Notes: This table displays the tax brackets and corresponding rates applicable to non-agricultural properties
in Chile after the 2006 and 2014 reassessment cycles. Threshold 1 refers to the rate applied to the portion of
the taxable valuation within the rst bracket, while Threshold 2 applies to taxable valuations exceeding the
second threshold. The Exempt threshold represents the maximum valuation exempt from taxation, and the
Second threshold marks the upper limit of the rst bracket, after which the higher tax rate is applied. Values
are expressed in 2014 million Chilean pesos (CLP).

Both the exemption and the second-bracket thresholds are adjusted proportionally to changes
in the national average of residential property values. This adjustment mechanism provides a quasi-
random source of variation, central to our empirical strategy. Speci cally, we argue that a property's
position relative to the threshold is e ectively exogenous, enabling comparisons of properties near
the cuto to identify causal e ects. To anticipate whether a property falls just above or below the
threshold, a household would need to accurately predict its own dwelling's valuation change, the

1 According to the SlI, the cadastral value generally re ects around 60% of the market value.
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average change in its neighborhood, and the national average change that ultimately de nes the
threshold.

Following the 2014 reassessment, the SIl announced that only 22% of non-agricultural properties
would be subject to property tax (i.e., valued above the exemption threshold)?

3 Data and empirical strategy

For the main estimations, we pool microdata from the following sources for the period 2014{2017
into a single cross-section:

1. Cadastral Value . Semiannual data from the SlI (Internal Revenue Service) that provides
information for each property, including an identi er, location, total assessed value, taxable
value, property tax liability, land area, and oor space. This information allows for identifying
the tax liability for each property and its precise location.

2. Home Sales . O cial records of every formal transaction. One of the country's main real
estate agencies (TOC-TOC) georeferenced the universe of transactions from the o cial real
estate registry.3 This dataset includes the identi er code, location, transaction date, and
nal price. This data allows linking property tax status in the Sl database to property-level
prices.

3. Spatial Data . We use shape les for the municipalities' boundaries and district polygons, as
well as the locations of police stations, high schools, primary healthcare facilities, parks, and
subway lines. These data are sourced from the national statistic agency SIEDU-INE

The resulting dataset is a pooled cross-sectional sample comprising 229,379 transactions from
2014 to 2017. Each transaction is linked to cadastral information to determine whether the property
is subject to property taxes. To estimate the RDD we use the subsample of properties that are
either exempt or fall in the rst bracket. This is, we exclude properties whose cadastral value
is above the second thresholdB;. We also exclude properties whose cadastral value is above the
exemption threshold but do not pay taxes (e.g., low-income owners over 60 years old). In Section
4.6 we estimate a Fuzzy RD including these observations.

2We do not exploit other specic exemptions. Since 2014, property owners over 60 years old with an income
below 13.5 UTA are exempt, while those earning between 13.5 and 30 UTA receive a 50% reduction. In 2022, over
15,000 seniors were exempted under this policy.

3The data were provided through a collaboration agreement between Toc-Toc and Ponti cia Universidad Cablica,
and the data are protected by a con dentiality agreement.

“Data accessed via https://www.ine.gob.cl/herramientas/portal-de-mapas/siedu on December 2024.



Table Al in the Appendix presents descriptive statistics for the RDD sample (204,828 trans-
actions), categorized by tax payment status. Table 2 reports the same information but restricted
to the optimal bandwidth sample used in the estimations, which includes 19,455 observations. It
shows that paying property taxes is correlated with higher prices and greater built area.

Table 2: Descriptive statistics by property tax payment status for the selected bandwidth
sample

Total Properties Exempted Non-exempt

Mean S.D. Mean S.D. Mean S.D.
Price per sg.m. 0.78 0.36 0.75 0.32 081 0.39
Cadastral value 19.99 1.32 1890 0.64 21.19 0.66
Annual tax (including municipal fee)  0.02 0.03 0.00 0.00 0.05 0.02
Implied total rate 0.13 0.96 . . 0.13 0.96
New 0.51 0.50 0.51 050 050 0.50
House 0.36 0.48 0.37 0.48 0.34 047
Age 24.52 21.09 25.07 20.78 2393 2141
Floorspace 61.85 28.77 61.74 28.03 61.98 29.56
Quality index 3.04 0.45 3.10 0.44 297 0.46
Observations 19,455 10,180 9,275

Notes: Summary statistics are based on pooled cross-sectional data from 2014 to 2017, restricted to the
selected bandwidth sample. The bandwidth of 2.286 is taken from the main regression, which estimates
the optimal bandwidth using the method of Calonico et al. (2014). Price, cadastral value, and annual
tax are expressed in millions of 2014 Chilean pesos. Columns report the mean and standard deviation
(SD) for each variable across three groups: the total sample, properties that pay property tax, and those
that do not. Variables include price per square meter ( Price per sg.m. ), which is also the dependent
variable; the assessed cadastral value Cadastral value ); annual property tax ( Tax), which is levied
by the authority and includes a xed cleaning charge determined at the municipal ( Comuna) level; a
dummy indicating whether the property is new ( New, a dummy indicating whether the property is a
house (1) or an apartment (0) (House; the building's age (Age); constructed area in square meters
(Floorspace ); and a quality index ranging from 1 to 5 ( Quality index ).

Recall that tax-liable properties are subject to two components: the property tax itself and a
municipal sanitation fee (tasa de ase{, which varies across municipalities. The SlI data reports
the combined amount of these liabilities, making it di cult to disentangle the components. This
combined report explains why the average tax rate reported in Table 2 di ers from the rate applied
to the cadastral value above the threshold (see Table 1). For the same reason, as shown in Figure 2
in the next section, properties with identical cadastral values may display di erent total liabilities.

For our estimations, this aggregation does not raise signi cant concerns. The combined liabil-
ity|property tax plus municipal sanitation feelis consistently applied across properties, and our
identi cation strategy exploits relative variation around the exemption threshold rather than the
precise decomposition of individual tax components.

Furthermore, Figure 1 presents the geographical distribution of dwellings in the dataset, along
with the districts as subdivisions of the municipalities (comunas). Districts are subdivisions de ned
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